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Figure 4: Visualization of the aligned and unaligned anchor graphs (LMVSC and Ours) on UCI-Digit.

Column Permutation

l , Conclusion

|

Anchor Graphs Fusion |wsssp| Clustering .. We study a new paradigm for large-scale multi-view anchor graph
Anchor-Unaligned Problem Matrix Form of Aligned Graphs Fusion clustering. The selected anchor sets in multi-view data are not aligned,
which may lead to inaccurate graph fusion and degrade the clustering
performance.
Despite being widely applied in large-scale applications, i I. Feature Correspondence: minl[Z; — Z;PIL . . We propose a flexible anchor graph fusion framework termed FMVACC
one vital factor of successful multi-view anchor graph View 1 View 2 | Anchor Graph Zy ﬁ to  tackle the AUP problem. After generating flexible anchor candidates,
clustering is to build correct correspondences for anchor o L an anchor alignment r_nodule IS proposed to solve AUP_vv_ith bot_h feature
sets. The selected anchor sets generated by different views g | Sttt Graph i _E\ and struct_ure Information. To the best of our knowledge, It Is the first study
may mismatch without guarantees of correspondences, aguagaag@agﬂh_nz ----- of the flexible anchor correspondence fusion framework
since k-means or sampling is performed on each view . ox o 0 o®al® >2 Y g
separately. Such an unaligned issue would cause - K T_ ) “5%
inappropriate graph fusion and degrade the clustering —d / =
performance in return. One pioneer work, SFMC provides Unmeasurable Anchors with Different Dimensions AnchorGreoh 2, A { 2. Structure c0rr$spon2de:ce= If you h_ave_ any problem, please don't hesitate to contact Siwel Wang
an intuitive way to select samples with same indexes to ! S~ PSPl (wangsiweil3@nudt.edu.cn).
implicitly avoid wrong correspondences. However, this way Figure 2: Overview of the proposed FMVACC consisting of two parts: feature and structure corre-
could destroy the flexibility of anchors. To the best of our spondence. (Left)Anchor sets are represented by different dimensions, which makes them unmea-

surable in various metric spaces; (Right)In FMVACC, each column of the graph 1s taken as a new

knowledge, no generalized framework for flexible multl-view n-dimensional feature of each anchor, and the optimal matching matrix P 1s obtained by minimizing
anchor correspondences has been proposed so far. the both the feature and structure correspondences.




